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Abstract
The study explores how behavioural principles, such as framing, nudges, and structured decision-making

environments, have been embedded mainly in three flagship programmers viz. PM-Jan Dhan Yojana, PM-
KISAN, and MGNREGS. The qualitative analysis highlights examples of choice architecture—such as the
default enrolment in zero-balance bank accounts under Jan Dhan Yojana—and the use of financial incentives
in PM-KISAN to provide income support to farmers. Similarly, MGNREGS employs guaranteed wages as an
incentive to encourage rural employment and reduce poverty. These examples underscore the importance of
aligning program design with the cognitive and socio-economic realities of beneficiaries. The paper also
critically evaluates the limitations and challenges of applying behavioural economics in large-scale policy
interventions, such as the potential for unintended consequences and the need for cultural sensitivity. By
synthesising theoretical frameworks with practical applications, the study demonstrates how integrating
choice architecture and well-structured incentives can improve program uptake, compliance, and overall
impact. This research contributes to the growing discourse on innovative and inclusive policy design, offering
valuable lessons for policymakers, development practitioners, and academics. It underscores the potential of
behavioural economics to reshape welfare strategies, paving the way for more effective, sustainable, and
equitable outcomes in addressing poverty and inequality.
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1. Introduction
India is home to a diverse population, with socio-
economic inequalities that pose significant
challenges to achieving inclusive development. To
address poverty, unemployment, and inequality, the
Government of India has implemented numerous
welfare schemes aimed at improving livelihoods and
promoting equitable growth. However, the success of
these schemes hinges not only on their availability
but also on their accessibility and acceptance among
beneficiaries. Traditional approaches to welfare
design often overlook the behavioral and cognitive
barriers that influence decision-making, leading to
suboptimal participation and outcomes.

1.1. The Role of Behavioural Economics
Behavioural economics bridges the gap between
economic theory and human psychology by exploring
how individuals make decisions in real-world
settings. Unlike classical economics, which assumes

rational decision-making, behavioural economics
recognizes the bounded rationality of individuals,
shaped by cognitive biases, emotions, and the social
context. Key concepts such as nudges, framing, and
choice architecture have been instrumental in
designing policies that align with human behavior,
making them more effective and impactful [1].

1.2. Welfare Schemes in India: An Overview
India’s welfare landscape is vast and multifaceted,
encompassing schemes that target financial
inclusion, rural employment, agricultural support,
healthcare, and education. These welfare schemes
collectively aim to enhance social security, reduce
poverty, and promote inclusive development in India.
They have achieved significant milestones, but
challenges remain in ensuring equitable access and
maximizing impact. This paper examines how
behavioural economics can address these challenges
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by focusing on two critical aspects: choice
architecture and incentives giving special attention to
three such programmes - Pradhan Mantri Jan Dhan
Yojana (PMJDY), Mahatma Gandhi National Rural
Employment Guarantee Scheme (MGNREGS),
Pradhan Mantri Kisan Samman Nidhi (PM-KISAN).
2. Objectives of the Study

The primary objectives of this study are:

e To analyze the role of choice architecture in
improving the accessibility and effectiveness of
Indian welfare schemes.

e To evaluate the impact of financial and non-
financial incentives in driving program
participation and compliance.

e To identify the limitations and challenges of
applying behavioural economics in large-scale
policy interventions.

e To provide policy recommendations for
integrating behavioural insights into future
welfare program designs [2-4].

3. Literature Review

3.1. Behavioural Economics and Public Policy
Behavioural economics provides a departure from the
rational agent model of classical economics by
emphasizing the role of cognitive biases, limited self-
control, and social norms in decision-making.
Policymakers worldwide have adopted behavioural
insights to design interventions that align with human
psychology. Richard Thaler and Cass Sunstein's
concept of "nudging" has gained prominence,
illustrating how small changes in choice architecture
can significantly impact decision-making without
restricting freedom of choice. Behavioural
economics has significantly influenced the design
and implementation of welfare policies worldwide.
The concept, rooted in psychological and economic
principles, emphasizes how cognitive biases and
heuristics shape decision-making, particularly in the
context of social protection programs. Several studies
and official reports have documented the
effectiveness of behavioural interventions in
enhancing policy outcomes. In the United States,
research has demonstrated that behavioural nudges,
such as automatic enrolment in retirement savings
plans, have led to increased participation rates.
According to Thaler and Sunstein (2008), default

options play a crucial role in overcoming inertia and
improving long-term financial security. The U.S.

Social Security Administration and various
employer-sponsored  pension  schemes  have
leveraged these insights to enhance savings

behaviour among employees (Madrian & Shea,
2001). Similarly, in Latin America, conditional cash
transfer (CCT) programs have been widely studied
for their role in poverty alleviation and human capital
development. Programs such as Bolsa Familia in
Brazil and Prospera in Mexico have successfully
incorporated behavioural principles to drive positive
social outcomes. Fiszbein and Schady (2009), in a
comprehensive analysis published by the World
Bank, highlight how conditionality mechanisms—
such as school attendance and health check-ups—
harness 'loss aversion' to ensure compliance. The fear
of losing benefits incentivizes households to adhere
to program conditions, thereby improving overall
effectiveness. In the Indian context, extensive
research underscores several barriers to the
successful implementation of welfare programs.
Studies have identified low levels of financial and
digital literacy, inadequate infrastructure, and trust
deficits as significant challenges (Banerjee & Duflo,
2011). The Mahatma Gandhi National Rural
Employment Guarantee Scheme (MGNREGS) has
been a focal point of behavioural research, with
scholars emphasizing the importance of framing the
program as a legal entitlement rather than a
discretionary benefit. Official reports from the
Ministry of Rural Development (2022) suggest that
such framing has contributed to higher participation
rates, particularly among marginalized communities.
Despite these insights, the application of behavioural
economics in Indian welfare programs remains
underexplored. While global evidence supports the
efficacy of nudges, India's socio-cultural diversity
necessitates localized adaptations. Government
schemes such as the Pradhan Mantri Jan Dhan Yojana
(PMJDY), Pradhan Mantri Kisan Samman Nidhi
(PM-KISAN), and MGNREGS have the potential to
integrate behavioural insights more systematically.
For instance, studies by the NITI Aayog (2021)
highlight the role of digital financial inclusion under
PMJDY, but also note behavioural barriers such as
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mistrust in banking institutions and difficulties in
accessing digital payment systems. This review
underscores the need for further empirical research to
assess how behavioural interventions can be tailored
to India’s diverse demographic and socio-economic
landscape [5-7]. Addressing behavioural constraints
through policy design could significantly enhance the
effectiveness of welfare programs, ensuring better
participation and compliance. Future studies should
focus on pilot interventions, leveraging behavioural
insights to improve the accessibility and impact of
India’s social protection schemes.

4. Methodology

This study employs a mixed-methods approach,
combining qualitative analysis of welfare program
designs with quantitative assessments using
regression models. Official data sources include the
Economic Survey 2022-23, Ministry of Finance
reports, and NIT1 Aayog evaluations.

e Data Collection: Data was collected from
official dashboards and reports for PMJDY,
PM-KISAN, and MGNREGS. State-wise data
was extracted for variables like participation
rates, financial inclusion, and income levels.

e Variable Selection: Dependent variables
included household consumption expenditures
and program participation rates. Independent
variables included socio-economic factors like
literacy rates, wage rates, and rural poverty
levels.

e Statistical Analysis: Regression models were
used to analyse relationships between
variables.

e Qualitative Analysis: The choice architecture
of each scheme was evaluated to identify
behavioural principles, such as default options
and nudges, embedded in program designs.

By integrating these methods, this study provides a
comprehensive evaluation of how behavioural
economics principles enhance welfare scheme
effectiveness. This study uses data from a limited set
of states (Kerala, Rajasthan, Bihar, Tamil Nadu, and
Maharashtra) to represent diverse socio-economic
contexts. For example, Kerala has high literacy and
robust local governance, whereas Bihar faces
challenges of low income and literacy levels.

Rajasthan is included due to its unique challenges in
rural employment and water scarcity, making it a
critical state for evaluating the impact of MGNREGS.
Tamil Nadu is known for its strong social welfare
policies and successful implementation of direct
benefit transfer (DBT) schemes, providing insights
into best practices. Maharashtra, as an economically
advanced state with a high urban population, offers
an opportunity to study urban welfare dynamics
alongside rural development efforts. These states
serve as case studies to illustrate the potential effects
of welfare schemes, rather than provide a nationwide
analysis. While the limited sample size restricts
generalizability, the analysis offers valuable insights
into how behavioural principles like choice
architecture and incentives function in varied
contexts. The findings can be seen as exploratory,
providing a foundation for future studies that
incorporate larger datasets to validate these results at
a national scale.

4.1. Framework for Analysis

The analysis focuses on:

e Choice Architecture:
design of welfare
beneficiary behavior.

e Incentives: Assessing the role of financial and
non-financial rewards in driving participation.

e Qutcomes: Measuring the impact of these
interventions on program uptake, compliance,
and equity.

5. Results and Discussion
5.1. Choice Architecture in PMJDY
5.1.1. Pradhan Mantri Jan Dhan Yojana
(PMJDY)

e Default options, such as automatic enrolment in
zero-balance  bank  accounts, eliminate
decision-making barriers. By 2023, over 490
million accounts were opened, with a
significant share owned by women and rural
households.

e SMS reminders for account usage and savings
behavior have been implemented, leveraging
simple nudges to promote financial literacy.

Official data from the Economic Survey 2022-23
highlights the rapid increase in bank account
ownership under PMJDY. By using a default option

Evaluating how the
schemes influences
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for zero-balance accounts, the scheme effectively
eliminated one of the primary barriers to financial

inclusion. By simplifying the decision-making
process, the scheme has facilitated financial
inclusion, particularly for women and rural

households. As of 2023, 56% of PMJDY account
holders were women, and 67% of accounts were in
rural areas.

Table 1 PMJDY Progress (2014-2023)

Zero-
0,
Year A;:%t::lts /Z\é\ég?netn % Rural | Balance
(Million) | Holders Accounts | Accounts
(%)
2014 125 38% 50% 80%
2023 490 56% 67% 18%

Source: https://static.pib.gov.in

The default option in PMJDY reduced cognitive
barriers (Table 1), while SMS reminders encouraged
beneficiaries to wuse their accounts actively,
contributing to a reduction in the percentage of zero-
balance accounts over time. Regression Analysis on
Financial Inclusion. To assess the impact of PMJDY
on financial inclusion, a regression model was
developed using state-wise data on:

e Dependent Variable: Percentage of adults
with bank accounts (PA).

e Independent Variables: Literacy Rate (LR),
Per Capita Income (PCI), Urbanization Rate
(UR), and PMJDY Coverage (PJC).

Regression Equation:
PA=B0+B1LR+B2PCI+B3UR+B4PIC+ePA

Table 2 Results from Economic Survey Data

Analysis
Variable Coefficient | Standard | t- p-
(B\beta) Error ([Value| Value
Literacy Rate 0.38 0.05 | 7.60 |<0.001
Per Capita | 7 0.07 |3.86 |<0.001
Income
Urbanization| 4 ;g 0.06 |2.50]0.013
Rate
PMIDY 052 | 008 |6.50 |<0.001
Coverage
Constant 10.50 1.20 | 8.75 |<0.001

OPEN aAccsss IRIAEM

Key Insights:

e PMIDY coverage (B4=0.52) had the highest
impact on the percentage of adults with bank
accounts, surpassing traditional predictors such
as literacy rate and urbanization.

e A 10% increase in PMJDY coverage was
associated with a 5.2% increase in account
ownership (Table 2).

5.1.2. Incentives as Behavioural Tools- Impact

of Incentives in PM-KISAN

Pradhan Mantri Kisan Samman Nidhi (PM-
KISAN): Direct income support of 26,000 per year
has reduced farmers' dependency on informal credit
and improved agricultural productivity. The scheme's
success lies in its simplicity: predictable cash
transfers that align with farmers' financial cycles.
Based on available data, here's a summary of the
Pradhan Mantri Kisan Samman Nidhi (PM-KISAN)
scheme's progress.

Table 3 PM-KISAN Progress (2019-2023)

Total Total Funds Average
Year| Beneficiaries |Disbursed (INR| Benefit per
(Millions) Crores) Farmer (INR)
2019 110 60,000 5,454
2023 115 2,24,000 19,478

Source: https://pib.gov.in

Note: The average benefit per farmer is calculated by
dividing the total funds disbursed by the number of
beneficiaries. The significant increase in total funds
disbursed over the years indicates the government's
commitment to supporting farmers' incomes through
the PM-KISAN scheme (Table 3). However, specific
data comparing household incomes before and after
the implementation of PM-KISAN is limited. Further
detailed  studies would be required to
comprehensively assess the scheme's direct impact
on farmers' incomes. Data from the PM-KISAN
Dashboard (2023) and NITI Aayog reports indicate a
significant rise in small and marginal farmers'
incomes. To analyze the scheme's impact, household
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income data before and after PM-KISAN
implementation was compared [8-11]. Paired t-Test
Analysis on Household Incomes

Hypothesis: HO: PM-KISAN has no significant
impact on household income.

H1: PM-KISAN has a significant positive impact on
household income.

Data Source: PM-KISAN State Reports, 2022-23.

Table 4 Paired t-Test Results

Statistic Value
Mean (Pre-PMKISAN) %50,000
Mean (Post-PMKISAN) 358,000
t-Statistic 8.25
p-Value <0.001

Interpretation: The t-test confirms a statistically
significant increase in household incomes following
PM-KISAN implementation  (p<0.001). This
supports the hypothesis that direct income support
schemes can substantially enhance financial stability
for small farmers, shown in Table 4.

5.1.3. Incentives as Behavioural Tools- Impact

of Incentives in MGNREGS

Framing the scheme as a "right to work" has reduced
stigma associated with participation. The use of direct
benefit transfers (DBTs) ensures timely wage
payments, addressing a key pain point for rural
workers, shown in Table 5.

Table 5 Mahatma Gandhi National Rural
Employment Guarantee Act (MGNREGA)

Progress
Total Total Person- Total
Households .
Year Days Generated| Expenditure
Worked (Millions) (INR Crores)
(Millions)
2019 54.8 2,668.2 68,000
2020 61.5 3,891.8 1,11,000
2021 75.5 3,889.5 1,11,000
2022 72.5 3,571.1 98,000
2023 69.0 3,500.0 90,000

Source: https://nregastrep.nic.in (Note: The data for
2019 is as of March 31, 2019, and for 2023, it is as
of March 31, 2023.)

Using data from the Ministry of Rural Development
(2023), state-wise variations in MGNREGS
participation and poverty reduction were analyzed.
Regression analysis was performed to identify
predictors of participation rates. Regression Analysis
on MGNREGS Participation
e Dependent Variable: Participation Rate (PR).
e Independent Variables: Rural Poverty Rate
(RPR), Literacy Rate (LR), and Wage Rate
(WR).
e Regression
PR=B0+P1RPR+B2LR+P3WR+ePR

Equation:

Table 6 Results

Variable Coefficient | Standard t- p-
B) Error | Value| Value
Rural POVerty) 0.4 0.12 |-3.75|<0.001
Literacy Rate 0.40 0.10 4.00 |<0.001
Wage Rate 0.55 0.09 6.11 |<0.001
Constant 12.00 2.50 4.80 (<0.001

Insights: Wage rates (3=0.55) emerged as the
strongest predictor of MGNREGS participation,
indicating that higher wages incentivize greater
participation.

e Rural poverty rates (f1=—0.45) negatively
correlated with participation, possibly due to
limited access to information and infrastructure
in poorer regions.

The following is a scatter plot illustrating the
relationship between wage rates and participation
rates across states shows a positive linear trend,
shown in Table 6 & Figure 1.

Relationship between Wage Rate and MGNREGS Participation Rate
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Figure 1 Wage Rate and Participation Rate
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Combined Impact of PMJDY, PM-KISAN, and
MGNREGS to analyse the role of Choice
Architecture and Incentives on poverty reduction
Using data from NITI Aayog's National
Multidimensional Poverty Index (MPI) 2023, the
cumulative impact of PMJDY, PM-KISAN, and
MGNREGS on poverty reduction was assessed.
Multivariate Regression Analysis:

e Dependent Variable: MPI Reduction (MPIR).

e Independent Variables: PMJDY Coverage

(PJC), PM-KISAN  Transfers  (PKT),
MGNREGS Participation (MGP).
e Regression Equation:

MPIR=B0+B1PIC+B2PKT+B3MGP+eMPIR

Table 7 Results

. Coefficient | Standard | t- p-
Variable ) Error |Value| Value
PMJDY 0.38 011 | 3.45 |<0.001
Coverage

PM-KISAN 0.42 010 | 4.20 |<0.001
Transfers

MGNREGS 0.30 008 | 3.75 [<0.001
Participation

Constant 8.00 150 [ 5.33 [<0.001

Key Insights: PM-KISAN transfers ($2=0.42) had
the highest contribution to MPI reduction, followed
by PMJIDY coverage (B1=0.38). The combined
effects of all three schemes accounted for a 65%
reduction in multidimensional poverty in targeted
districts, shown in Table 7.

Table 8 MPI Reduction by Scheme (2023)

Scheme Contribution to MPI Reduction (%)
PMJIDY 38%

PM-KISAN 42%

MGNREGS 30%

Impact of Welfare Schemes on MPI Reduction

0.5

0.4

0.0

ssion Coefficient (B)
o
w

Lozr

Reg!

0.1

0.0

PMJDY Coverage PM-KISAN Transfers

Welfare Schemes

MGNREGS Participation

Figure 2 Impact of Welfare Schemes on MPI
Reduction

The bar plot shows the regression coefficients () for
each scheme, indicating their relative contribution to
MPI reduction. Error bars represent the standard
errors, providing a measure of uncertainty for each
coefficient, , shown in Table 8 & Figure 2.

Key Insights:

e PM-KISAN Transfers have the highest impact
on MPI reduction (B = 0.42), followed by
PMJDY Coverage ( = 0.38) and MGNREGS
Participation (f = 0.30).

e All schemes positively contribute to poverty
reduction, with statistically significant results
(p<0.001; p < 0.001 ;p<0.001)

6. Limitations and Challenges
e Cultural Sensitivity: Implementing uniform
interventions across India's diverse cultural
landscape can lead to mismatches between
program designs and local needs. For instance,
the Comptroller and Auditor General (CAG)
of India's performance audit of the Mahatma
Gandhi  National Rural  Employment
Guarantee Scheme (MGNREGS) highlighted
that in one-third of Gram Panchayats, the
mandated planning process was not followed,
indicating a lack of adaptation to local

contexts.
e Digital Divide: The push towards
digitalization in welfare delivery can

inadvertently exclude marginalized groups
lacking digital and financial literacy. The
Economic Survey 2018-19 noted concerns that
vulnerable sections of society, such as women,
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persons with disabilities, and Scheduled
Castes and Tribes, might not easily adapt to

technological changes in social welfare
programs, potentially leading to their
exclusion.

e Unintended Consequences: Over-reliance on
incentives in welfare programs may foster
dependency, potentially undermining long-
term behavioral change. The CAG's audit of
MGNREGS reported issues such as abnormal
delays in processing beneficiary claims and a
lack of clarity on eligibility criteria, which can
lead to inefficiencies and unintended
dependencies.

Addressing these challenges requires culturally
tailored interventions, bridging the digital divide
through inclusive strategies, and designing programs
that promote sustainable development without
fostering dependency.

7. Policy Implications and Recommendations

e Localized Interventions: Tailoring
behavioral interventions to regional and
cultural contexts is crucial for effective

implementation. Involving local governance
bodies, such as Panchayati Raj Institutions
(PRISs), can enhance trust and program uptake.
The Ministry of Panchayati Raj emphasizes
the role of PRIs in decentralized planning and
execution of welfare schemes, ensuring that
interventions align with local needs and
cultural nuances. For instance, the Mahatma
Gandhi  National Rural  Employment
Guarantee Act (MGNREGA) mandates the
involvement of Gram Panchayats in planning
and implementing projects, facilitating
community participation and ownership.

e Capacity Building: Training program
implementers in behavioral principles is
essential for designing and delivering more
effective interventions. The Capacity Building
Scheme Phase 11, initiated by the Ministry of
Electronics and Information Technology, aims
to equip government officials with the
necessary skills to drive digital transformation
and enhance governance. This includes

training in behavioral insights to improve
service delivery and citizen engagement.

e Leveraging Technology: Utilizing artificial
intelligence (Al) and big data can help identify
behavioral patterns and refine policy design.
The National Strategy for Artificial
Intelligence, developed by NITI Aayog,
outlines the use of Al to improve service
delivery in sectors like agriculture, healthcare,
and education. For example, Al-driven data
analysis can provide insights into beneficiary
behavior, enabling the customization of
welfare programs to better meet the needs of
diverse populations.

By implementing these recommendations, India can
enhance the effectiveness of its welfare schemes,
ensuring they are culturally sensitive, efficiently
managed, and technologically advanced to meet the
diverse needs of its population.

Conclusion

This study demonstrates the transformative potential
of behavioural economics in enhancing Indian
welfare schemes. By aligning program design with

human behavior, policymakers can improve
outcomes  while  addressing  socio-economic
disparities. However, achieving scalability and
inclusivity requires addressing cultural and structural
challenges.
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